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Effects of Number of Subjects on Activity Recognition

-HASC2010corpus-

NoBUHIRO OGAWA, ! KaTsuniko KAJIM
and NoBuo KAWAGUCHI!

In recent years, there are many researches about the human activity recogni-
tion. In the most of these researches, the activity recognition experiments are
performed with only a small number of subjects. Additionally, there is no pub-

lic database of activity data or reference information about the suitable number
of subjects. To overcome the situation, we have collected "HASC2010corpus”
with more than 6000 activity data from more than 500 test subjects. In this
paper, we report the result of the experiments on the effects of the number of
subjects as a basic reference for the field of activity recognition research. By
using the part of HASC2010corpus, we performed a large number of evaluations
with the user-dependent / user-independent data, different number of the fea-
tures, and the different number of subjects. In the case of using user-dependent
data, decision tree classifiers showed the activity recognition results with an
overall accuracy rate of 73targeted 13869 description subjects. The result of
experiments shows the importance of the large number of subjects especially
on the user-independent data. The result also suggests that by using more
advanced features and more large number of subjects, the activity recognition
rate might be improved.
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